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ABSTRACT

This study examines how the pandemic changed the ethnicity gaps in working-from-home practices in the UK. We do this by

examining seven waves of the UK Labour Force Survey from 2017 to 2023, divided into three time periods—pre-pandemic,

during-lockdown and post-lockdown. The results show that although the gap found between White and BME workers in the

pre-pandemic period disappears as we move into the post-lockdown period, there are large differences between different

ethnicities, especially when we intersect ethnicity with migration status, gender, and parental status. Even in the post-lockdown
period of 2022-2023, Black men, particularly Black fathers, stood out for their low levels of homeworking, alongside Chinese
and ‘Other Asian’ workers - both men and women. On closer inspection, we found that it was especially migrant workers from

these ethnicities who were significantly worse off in terms of their access to homeworking. The paper shows that although we

see a positive change in homeworking, which has increased for most ethnic groups over the course of the pandemic, certain

groups are still left behind in this growth. The paper further highlights the need for an intersectional analysis when examining

such labour market patterns.

1 | Introduction

COVID-19 has brought about seismic changes to the way we work,
as many governments and employers have enforced certain mea-
sures to limit the spread of the virus. This has led to a rapid increase
in homeworking. Before the pandemic, only around one in eight
workers in the UK worked from home (WFH) on a semi-regular
basis, but by the first lockdown period in April 2020, this figure had
risen to almost half of the total workforce (ONS 2020). Before the
pandemic, it was generally better-educated workers in higher-paid
occupations, and in many cases, men, who were more likely to have

access to WFH and other flexible working practices (Chung and
Van der Lippe 2020). This was largely due to the fact that managers
were reluctant to offer WFH opportunities to workers whom they
did not trust to be productive enough to use WFH and other flexible
working arrangements (Brescoll, Glass, and Sedlovskaya 2013;
Lambert and Haley-Lock 2004; Munsch 2016). However, there has
been a shift in managers’ perceptions of flexible working during the
pandemic (CIPD 2021; CMI 2020), as managers had no choice but
to allow workers to use WFH, if they wanted them to continue
working. This has led to a shift in who gains access to WFH
(Abendroth et al. 2022).
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This paper specifically examines how the pandemic may have
altered the WFH opportunities of Black and Minority Ethnic
(BME) workers compared to white workers in the UK. Several
studies have highlighted the potential benefits of WFH for BME
workers in terms of access to work, improved sense of belonging,
elimination of experiences of micro-aggressions, and improved
engagement at work (Chung, Yuan, and Arkwright 2024; Future
Form 2022; Gerzema 2022; TUC 2022; Wong 2020). This is why
we observe a higher preference for WFH among ethnic minority
workers compared to their white counterparts (BITC 2022;
Future Form 2022; TUC 2022). It is not clear whether BME
workers were able to benefit from the widespread use of WFH
during and after the COVID-19 pandemic. Most studies examine
the WFH differences by gender and parental status (Abendroth
et al. 2022; Barrero, Bloom, and Davis 2023). The few existing
studies on racial variation (Hendry et al. 2023; Mutebi and
Hobbs 2022) have produced mixed results. This is because many
have not been able to distinguish between different racial groups
within the broader BME categories, nor have they been able to
control for several different structural and other factors that
determine workers’ access to WFH. Furthermore, few take an
intersectional approach to the question, distinguishing between
migration, gender, and parental status in addition to ethnicity.
This paper further contributes to the existing literature by look-
ing beyond the lockdown periods of 2020 and 2021, examining
data from post-lockdown 2022 and 2023 and comparing it with
the pre-pandemic period (2017-2019) to allow us to see the
evolution of gaps in WFH practices.

In this paper, we use a series of multivariate logistic regressions
using the UK Labour Force Survey (LFS) from 2017 to 2023. We
use these data because they provide the largest sample size of
the employed workforce, comparable over a longer period of
time. This allows us to make clearer distinctions between dif-
ferent racial minority groups, migration, and variations in
gender and parental status, rather than a crude distinction
between white and BME workers who are considered to be a
homogeneous group.

2 | Theory and Background
2.1 | Race and Racism in UK Labour Markets

In the UK, although the term BME (Black and Minority Ethnic)
is commonly used as an umbrella term to define ethnic
minority groups (The Law Society 2022), there is a debate
around its use as it assumes homogeneity across different eth-
nicities. The ONS, for example, suggests using the term ethnic
minorities, with additional information regarding whether
white minorities, such as Irish travellers, are included or not.
The importance of disaggregating different ethnic minority
groups becomes more apparent when we examine their differ-
ent labour market outcomes. BME workers in the UK are
generally discriminated against in hiring and promotion pro-
cesses (Heath and Di Stasio 2019), largely based on biases
against BME worker's capacities and competencies. This ex-
plains why BME workers are overall less likely to be in em-
ployment, and when employed, more likely to be earning lower
wages (Forth, Theodoropoulos, and Bryson 2023), in insecure
work, or in self-employment earning less than the national

minimum wage (Felstead et al. 2020; TUC 2022). What is more,
BME workers experience racism at work (TUC 2022), including
having limited access to good working conditions and control
over their work compared to their white counterparts (M.
Williams, Wang, and Koumenta 2024; Zwysen and Demireva
2020). There are variations across ethnicities with regard to
discrimination faced. Racial hierarchy and stratification theory
argue that there are hierarchies in the racism experiences across
ethnic minority groups (Gong, Xu, and Takeuchi 2017). Ex-
ploring the racial variation in labour market outcomes in the
UK, it is clear that within the BME group, there are large var-
iations not only in the employment and income levels of
workers, but also in the discriminations they face in the labour
market on a wide range of factors (Heath and Di Stasio 2019; M.
Williams, Wang, and Koumenta 2024; Zwysen and Demireva 2020).

Looking at 2022 data, although White workers (77% for White,
76% for White British, 82% for White other) have higher em-
ployment rates compared to Other ethnic groups, there are large
disparities across BME groups (ONS 2023). Indian workers
(77%) generally have higher or equivalent employment rates
compared to White British workers, while Pakistani and Ban-
gladeshi workers’ employment rates (67%) are lower than most
other groups. Black, Mixed (both 69%) and ‘Other Asian’ (70%)
groups also have low employment rates compared to White
workers. This pattern becomes even more complex when we
consider gender. Although women are generally less likely to be
employed compared to men across racial groups, there are large
variations. For example, the gap in employment rates is rela-
tively smaller for White workers (80% for men and 74% for
women), larger gender gaps are found in the Pakistani and
Bangladeshi populations (75% for men and only 46% for
women), ‘Other ethnicities’ (75% vs. 60%) and Indian workers
(84% vs. 70%). Black (74% for men and 66% for women) and
Asian workers (79% vs. 61%) are somewhat in between. There
were more Mixed women (71%) employed than men (67%),
albeit a small difference.

A similar picture is drawn when we examine income data
(ONS 2019) for 2018, where Chinese and Indian workers have
generally higher median hourly earnings even compared to
White British or ‘White other’ workers. However, the gender
gap between these two former groups is significantly larger than
other groups with women earning significantly less. On the
other hand, Black, Pakistani and Bangladeshi workers are
generally in lower income groups, although the gender pay gap
is smaller for these groups. Among the Bangladeshi population,
women generally earn more than men, although they are less
likely to be employed overall. Similar patterns emerge when
exploring hiring practices or control over one's work, where
Black, Pakistani and Bangladeshi workers fare relatively worse
compared to Indian, Chinese and Other Asian counterparts
(Heath and Di Stasio 2019; M. Williams, Wang, and Koumenta
2024). This may be largely based on the racial hierarchies of the
colonial history of Britain (El-Enany 2020). In a similar vein,
within the BME groups, there are variations across migrant vs.
UK-born BME workers in their position in the labour market.
This may be due to language barriers, lack of social networks
and capital and other barriers that limit access to good quality
jobs in addition to the barriers faced by UK BME workers
(Bryson and White 2019; Zwysen and Demireva 2020).
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2.2 | Working From Home Definitions and
Patterns Across Time

Flexible working arrangements (FWAs) include arrangements
that give workers flexibility over when, where, and how much
they work (Chung 2022; Kelly et al. 2014). Of the various types
of FWAs, this paper focuses on arrangements that allow
workers to WFH. The UK is unique in that the government
introduced the right to request FWAs, including WFH options,
since 2003. It was first limited to parents with young and dis-
abled children but slowly expanded to cover all workers by
2014. This does not necessarily guarantee full access, and many
studies have shown how despite the right to request, many
workers are denied access as managers are able to refuse access
on a number of grounds (ACAS 2016; TUC 2021c).

This paper defines WFH as ‘mainly working from home’.
Although workers may work occasionally from home—for
example, ad hoc basis when the need arises, like a sick child
or boiler maintenance—our interest is in those who are gen-
erally WFH. There are two reasons behind this. Firstly, with
regard to workers’ ability for better work-family integration,
WFH occasionally is substantially different from mainly WFH
(Allen, Golden, and Shockley 2015), with the latter providing
workers with better resources to address family demands.
There are significant differences in managers’ perceptions
towards workers who occasionally WFH compared to those
who mainly WFH, with the latter receiving more biased views
against them (Chung and Wang 2024; Kasperska, Matysiak,
and Cukrowska-Torzewska 2024). This is especially important
as our study aims to explore how bias against BME workers
and expected bias against homeworkers, in combination,
prohibits access. Finally, methodologically, the LFS question
asking occasional WFH ‘at least once in the past week’ has
changed over the period that we examine in this paper,

making it difficult to compare across the years. However, as a
robustness check, we will be comparing the two types of WFH
patterns, mainly vs. occasionally, for the available year 2022 to
see how the results change when we compare different ap-
proaches to operationalisation of WFH.

Despite the changes in the legislation across the years, WFH
patterns have remained relatively stagnant across time before
the pandemic. For example, in 1999, approximately 3% of the
workforce said home is their main place of work. Although
there was a steady increase in these numbers, even in 2019, this
number only went up to 6%. Even when considering those who
work even occasionally from home, this number was less than
one out of four workers (CIPD 2020). On the other hand, during
the peak of the pandemic in 2020, up to half of the workforce
was WFH on a regular basis (ONS 2020). Interestingly, as
shown in Figure 1, examining our LFS data where workers are
asked whether home is their main place of work, only 10%
responded that it is during the lockdown periods, despite large
numbers were being in fact WFH. This is likely because many
workers felt that the office/employer’s premises were the main
place of work, but they were WFH only as an emergency
lockdown measure. The number of workers who responded that
home is their main place of work steadily increased over
the years, as workers understood that WFH is an arrangement
that will continue through to post-pandemic labour markets
(ONS 2022b). This is why in our study, we distinguish between
three time periods, namely 2017-2019 (pre-pandemic),
2020-2021 (peak lockdown period with surging number of
homeworkers), 2022-2023 (‘post’-lockdown/pandemic period
with a steady large number of homeworkers). It is also impor-
tant to note that due to its sectoral structures and lockdown
measures, post-lockdown, the UK is the leading country with
regard to homeworking practices across Europe and the world
(Chung 2024).
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FIGURE1 | The work-from-home trends across different gender and ethnic groups across 7 years. Source: Labour Force Survey Second Quarter

data sets, covering the months of April to June from 2017 to 2023. The data are calculated as simple proportions of the pooled data sets across each
period, without controlling for other factors such as demographics or socioeconomic status.
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2.3 | Theories on Access to Flexible Working

There are several theories that explain who has access to home
working arrangements (Chung 2022; Lambert and Haley-
Lock 2004) that can help us better understand the variation in
access across different ethnicities. The type of work that is being
done has always been noted as one of the biggest constraints to
the introduction flexible working by managers (Wanrooy
et al. 2013). There are jobs where it is harder to WFH than in
others due to, for example, production structure (machinery,
client demand etc.) or types of jobs carried out (client facing
such as retail, health care). This entails that workers in certain
occupations and sectors such as manufacturing, construction,
retail and health and social services have limited WFH oppor-
tunities. Public sector employers may be better at providing
FWAs because they are not as sensitive to business cycles
(Evans 2001) and are seen as the forerunners with regard to the
provision of family-friendly arrangements (Chung 2008). Due to
the administrative costs, larger companies may find it easier to
administer and may have more resources to provide WFH ar-
rangements. Having said that, small and medium-sized com-
panies may be able to provide more informal arrangements
(Dex and Scheibl 2001). Pakistani/Bangladeshi and Other Asian
workers are overrepresented in sectors such as distribution,
hotels and restaurants, which may mean that they are less likely
to have WFH arrangements. Similarly, there are proportionally
more Black workers in the education and health sectors which
may decrease their likelihood, although Black workers are also
overrepresented in the Public Administration sectors (House of
Commons Library 2023) which are more likely to be using WFH
arrangements. Previous studies have shown that although fixed-
term contract status does not influence one's access to FWAs,
low-skilled and those who perceive their jobs to be insecure
were significantly less likely to have access to FWAs
(Chung 2018). As ethnic minority, especially Black, Banglade-
shi/Pakistani workers and migrant workers, are generally
overrepresented in the low-paying occupations and sectors, this
may mean that their access to WFH is limited compared to
White workers (Bryson and White 2019; Zwysen and
Demireva 2020). This can especially be true for women and
mothers whose bargaining positions may be even weaker.
However, these variations should then disappear once we
control for occupation and sector.

Above and beyond the structural restrictions, employers’ pro-
vision of WFH can depend on the way employers perceive the
arrangement (see also, Chung 2022; Lambert and Haley-
Lock 2004; Swanberg, Pitt-Catsouphes, and Drescher-
Burke 2005). WFH can be seen as a smart working policy used
to enhance performance outcomes, or more as a family-friendly
policy to facilitate work-life integration of workers (Appelbaum
et al. 2000; Wood and De Menezes 2010). When employers are
genuinely interested in addressing the work-family needs of
workers, those with the most family demands or in most need
of family-friendly arrangements are more likely to WFH or have
the ability to do so (Chung et al. 2020; Future Form 2022;
Golden 2009). In this case, we could expect that BME workers,
especially women, parents and migrant BME workers, to have
better access. This is especially true when we know that BME
and migrant workers are less likely to have other resources—for
example, financial resources or a wider social network- to

address family demands. When employers’ motivation for pro-
viding WFH is driven by more by performance demands, we
can expect it to be used more in knowledge-intensive fields
(Brescoll, Glass, and Sedlovskaya 2013) and provided to workers
with higher occupational statuses/skills levels (Chung 2019;
Chung and Van der Horst 2018; Ortega 2009; Wiy 2017) in
expectation that it will enhance their productivity. In such
cases, workers with the most need for WFH are sometimes the
least likely to gain access to it (Stewart and Bivand 2016;
TUC 2017, 2021a, 2021b) because employers do not expect large
gains from this segment of the workforce when implementing
the practice. Given the evidence we have with regard to em-
ployers’ bias against BME workers (Gray 2019; Pedulla 2018;
TUC 2022), we could expect that BME workers are less likely to
gain access, when employers’ provision of WFH arrangements
is based on performance expectations. This may be true for
certain BME groups such as Black, Pakistani/Bangladeshi
population, and especially for migrant workers, and for women
or parents, as has been evidenced with regard to other labour
market inequalities (M. Williams, Wang, and Koumenta 2024;
Zwysen and Demireva 2020).

In sum, we expect to find variations across ethnicities in their
WFH patterns, even when factors such as occupation, sector,
and other controls are included in the model. We anticipate
that such gaps exist due to the potential discrimination BME
workers face with regard to their work capacities, or on their
expected return-on-investment of WFH practices. However,
our data does not solely look at access to but practices of WFH,
and the gaps may occur when BME workers have access, yet
do not take up the available provision. However, we know
from existing data (Future Form 2022; TUC 2022) that most
workers, especially BME workers, want to WFH, meaning the
gaps in take-up rates are unlikely to be due to preferences.
When policy access does not translate into use, this may be
driven more by workers’ fear that WFH can lead to negative
career outcomes (J. C. Williams, Blair-Loy, and Berdahl 2013).
Such fears may especially be amplified for BME, especially
migrant workers (Chung, Yuan, and Arkwright 2024), given
the already existing biases against their work capacities, which
may be amplified when they WFH. Finally, we hypothesise
that the gap between BME and White workers may have been
lessened during the pandemic lockdown period as there was
no other option but to allow workers, who can WFH, to WFH
during this period. However, as the pandemic eased in
2022-2023, we could potentially expect the ethnicity gaps to
re-emerge as some workers have now moved permanently into
a new hybrid/homeworking pattern, while others were asked
to largely come back into the office. We expect that in this
period of returning to the office, the ethnicity gaps are more
likely to be observed.

In conclusion, we come to the following hypotheses;

H1: BME workers, especially Pakistani/Bangladeshi, Black/
Black British workers, are less likely to WFH compared to White
workers.

H2: The gap in WFH across ethnicities will remain despite
having controlled for occupations, sectors, and other factors that
explain for WFH access.
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H3: The gap in WFH across ethnicities is more evident for
women and parents, and for migrant workers.

H4: The gaps in WFH across ethnicities are more evident in the
pre-pandemic period, and post-lockdown periods, compared to
the pandemic lockdown periods.

3 | Data and Methods
3.1 | Data and Sample

The UK LFS data are used in this paper. It is the largest
household study in the UK providing official measures of
employment, unemployment and other labour market char-
acteristics of the workforce (ONS 2024). Although the data
was gathered originally using face-to-face interviews, during
the pandemic due to restrictions, the survey shifted to pri-
marily telephone-only interviews. This can lead to differen-
tial nonresponse rates that may introduce biases, especially
considering the increase in nonresponse rate from those with
a non-UK country of birth or nationality. To mitigate these
effects, the LFS has incorporated the new weights into the
2020 and 2021 data, which are comprehensive adjustments
validated against preliminary 2021 Census data (ONS 2022a).
For our analysis, we applied the updated 2022 LFS weights to
the 2020 and 2021 waves to reduce the effects of nonresponse
bias. Despite these adjustments, we acknowledge that non-
response among specific groups, such as those with non-UK
nationality or birth, may still influence survey estimates.
Nonetheless, the LFS remains the standard source for UK
labour trends, making it the most reliable, if imperfect,
source for examining broader labour market trends after
several reweighting adjustment. Most importantly, with over
30,000 households in Great Britain each quarter and
approximately 15% of respondents identifying as BME in-
dividuals (aged 16+ ) (ONS 2024), the LFS enables break-
downs beyond broad ethnic distinctions, making it possible
to break down beyond the White British vs. BME distinction,
that are comparable across time. To obtain sufficiently large
samples, seven waves of data from the second quarter
(April-June)—the quarter that collects WFH data—for
the years 2017 to 2023 were used to conduct a pooled
regression analysis. This selection provides a holistic view of
labor market dynamics by encompassing periods unaffected
by the pandemic, the subsequent phase of unprecedented
global disruption and the recovery phases that followed. We
selected only workers who were employed in each wave,
resulting in a final pooled sample of 286,863 observations. Of
those, 223,978 include responses to the question on WFH.

3.2 | Variables

To measure WFH, we use ‘(In your main job) do you work
mainly...’, which is the only WFH question asked every year and
in a consistent manner. Respondents who chose 1 ‘in own home’,
2 ‘in the same grounds or buildings as home’ and 3 ‘in different
places using home as a base’ are considered as homeworkers.
Later, as a robustness check, we compare this measure to the

occasional uses of homeworking in wave 2022 asking whether
respondents worked at least 1 day from home in the
reference week for their main job. The response category was the
same as mainly WFH. Given the data limitation, we cannot ana-
lyse how occasional homeworking changes across years, but
comparison in the result for 2022 allows us to see whether the
operationalisation of WFH may have impacted our results.

We create our ethnicity variable based on a nine-category
classification where the categories are: (1) White (which
includes ‘White—Gypsy or Irish Traveller’ in England, Wales
and Scotland, and ‘White—Polish’ in Scotland); (2) Mixed/
Multiple ethnic groups; (3) Indian; (4) Pakistani; (5) Bangla-
deshi; (6) Chinese; (7) Any Other Asian background; (8) Black/
African/Caribbean/Black British; (9) Other ethnic groups
(which includes ‘Irish Traveller’ in Northern Ireland and ‘Arab’
across all UK countries). To ensure a robust statistical analysis
given the smaller sample sizes of certain categories, we com-
bined Pakistani with Bangladeshi as one category, and Chinese
with ‘Any Other Asian background’ as one category. This
results in a seven-category ethnicity variable for our analysis,
like the approach used in other studies exploring ethnic varia-
tion in working conditions (M. Williams, Wang, and Koumenta
2024). Based on previous studies (Hu 2020), we code migration
status based on whether one was born in the UK (Hu 2020),
with 0 meaning ‘UK born’, and 1 meaning ‘Non-UK born’. We
were unable to look at a more detailed level of country-of-origin
due to the small sample sizes of each category of countries other
than the UK, especially when considering the migrant and
ethnicity interaction.

3.3 | Controls

Based on prior research examining access to FWAs (e.g., Abendroth
et al. 2022; Chung 2020a; Lyness et al. 2012), this study controls for
the following variables: gender (1 = female, 0 = male), age (18-24,
25-34, 35-44, 45-54, 55-64, 65*), disability (yes =1, no=0), rela-
tionship status (1 =married, cohabitating, or in a civil union,
0=not), number of children (under 19 years old) living in the
household (0, 1, 2, or 3 or more), presence of preschool children in
the household (yes = 1, no = 0), educational level (no qualifications,
secondary education or below, higher education and above), occu-
pational level (managers, professional, associate professional,
administrative and secretarial, skilled trades, caring, leisure and
other service, sales and customer service, process, plant and
machine operatives, elementary occupations), supervisory status
(1 =yes, 0 =no), permanent contract (0 = yes, 1 = no), public sector
company (1 = public sector, 0 = private sector), size of the organi-
sation (small: number of employees <25, medium: number of
employees between 25 and 499; larger: number of employees >
500), industry (agriculture, forestry and fishing/energy and water,
manufacturing, construction; distribution, hotels and restaurants,
transport and communication, banking and finance, public admin
and defence, education, health and social work, other services).

3.4 | Method

We begin with a descriptive analysis of WFH patterns across
gender, migrant status and ethnicity groups across 7 years and
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three periods: before (2017-2019), during (2020-2021) and
‘after’ COVID-19 lockdowns (2022-2023). Given the similarities
within and differences between these periods, we conduct
regression analyses separately for each of the three periods.
Logistic regression is used to model the binary outcomes while
preserving the interpretability of probabilities bounded between
0 and 1'. We begin by analysing the main effects of ethnicity on
WFH (Table 1 and Figures 1-4) and then examine the inter-
section of ethnicity and gender across all workers by exploring
ethnic variations within male and female groups (Tables 2-3
and Figures 5 and 6) and analysing the interactions between
gender and ethnicity (Supporting Information S1: Table A4 and
Figure Al). As a robustness check, we also examine ethnic
variations in homeworking by migrant status (Supporting
Information S1: Tables A7-A10 and Figures A2-A4), parent-
hood status (Supporting Information S1: Tables A11-A14 and
Figures A5-A12) and looking at occasional homeworking use in
April to June 2022 (Supporting Information S1: Table A15 and

Figures A13-A15). All analyses are conducted with survey
weights to account for unequal selection probabilities and dif-
ferent nonresponse patterns in Stata 18.

4 | Results
4.1 | Descriptive Analysis

As we can see from Supporting Information S1: Table A1, only
about 6% of workers stated that home was the main place of
work before COVID-19, whereas this number increased to 10%
and 14% during the pandemic lockdown period, when WFH
was still compulsory in some cases, and further increased to
over 27% after the pandemic in 2022-2023. On average, most of
our sample are women (52.75%), White (90%) and UK-born
(85.82%). In 2023, 1.00% identified as Mixed race, 2.28% were
Indian, 1.36% were Pakistani/Bangladeshi, 1.48% were Chinese/

TABLE 1 | Weighted logistic regression results predicting homeworking by ethnicity across time for all workers.

Working from home

Before COVID (2017-2019)

During lockdown

(2020-2021) After lockdown (2022-2023)

@ (2) (3) 4) 5) (6)
Variables Unadjusted Adjusted Unadjusted Adjusted Unadjusted Adjusted
Independent variable
Ethnicity (ref = White)
Mixed/Multiple ethnic 1.005 1.264 1.077 1.181 1.348** 1.292*
groups
(0.137) (0.181) (0.127) (0.153) (0.137) (0.147)
Indian 0.643%** 0.601*** 1.189* 0.984 1.307%*%* 0.888
(0.064) (0.064) (0.099) (0.090) (0.088) (0.075)
Pakistani/Bangladeshi 0.592%##* 0.743* 1.020 1.227 0.853 0.982
(0.078) (0.108) (0.125) (0.170) (0.084) (0.114)
Chinese 0.710** 0.759* 0.647** 0.667** 0.834" 0.640%***
(0.087) (0.102) (0.087) (0.098) (0.082) (0.085)
Black/African/ 0.54 3%+ 0.687** 0.764** 0.959 0.788** 0.988
Caribbean/Black British
(0.059) (0.086) (0.074) (0.104) (0.066) (0.097)
Other ethnic groups 0.857 0.871 0.710* 0.718* 1.046 0.859
(0.129) (0.150) (0.105) (0.115) (0.106) (0.109)
Gender (ref = male)
Female 0.864*+* 0.907** 1.039
(0.029) (0.029) (0.033)
Migrant status
(ref = UK born)
Non-UK born 0.976 0.927 0.984
(0.047) (0.045) (0.045)

Note: The coefficients are odds ratio and standard error in parentheses. Each adjusted model controls for a range of factors, including demographic characteristics (gender,
age, whether they have a disability), household characteristics (relationship status, whether have a preschool child under 5 years old, number of children under 19 years
old), job characteristics (occupational types, managerial status, job types) and organisation characteristics (ownership of the organisation, size of the organisation,

industry).
*p<o0.10.
*p <0.05.; **p <0.01.,; ***p <0.001.
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FIGURE 2 | The work-from-home trends across different ethnic groups for male workers before, during and after the pandemic. Source: Labour

Force Survey Second Quarter data sets, covering the months of April to June from 2017 to 2023. The data are calculated as simple proportions of the
pooled data sets across each period, without controlling for other factors such as demographics or socioeconomic status.
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FIGURE 3 | The work-from-home trends across different ethnic groups for female before, during and after the pandemic. So